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ABLATION STUDY
* Varying the pretraining stage with Video MAE.

EGO-EXO DOMAIN GAP MAIN RESULTS
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* Joint ego-exo finetuning on KEEC.
o Kinetics-600, Ego4D, EPIC-Kitchens-100, COIN.

* Previous methods depend heavily on transferring
from exo to ego, despite the content and appearance
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